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ABSTRACT 

The digital transformation of financial services has fundamentally reshaped how creditworthiness is 

conceptualized, measured, and operationalized across global lending ecosystems. Traditional credit 

scoring models, historically anchored in static financial records and limited behavioral indicators, are 

increasingly inadequate in contexts characterized by financial exclusion, informality, and high economic 

volatility. In response, artificial intelligence driven credit scoring systems powered by real time data 

processing and alternative data streams have emerged as transformative infrastructures capable of 

redefining credit risk assessment, particularly within emerging and developing economies. This article 

develops an extensive theoretical and empirical analysis of real time artificial intelligence based credit 

scoring architectures by synthesizing contemporary regulatory, technological, and financial inclusion 

literature. The analysis is grounded in the growing body of scholarship demonstrating that machine 

learning and advanced data pipelines allow digital lending platforms to evaluate borrower risk dynamically 

rather than retrospectively, enabling more accurate default prediction and improved allocation of financial 

resources (Modadugu et al., 2025). 

Building on this foundational premise, the article situates real time credit scoring within broader debates 

on financial inclusion, platform capitalism, algorithmic governance, and data ethics. The study integrates 

evidence from global fintech markets, particularly in Africa and Asia, where mobile money platforms, 

alternative data, and artificial intelligence have enabled millions of previously unbanked individuals and 

micro enterprises to access formal credit for the first time (World Bank Group, 2024; Fintechnews Africa, 

2025). By conceptualizing credit scoring not merely as a technical function but as a socio economic 
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institution embedded in power relations, regulatory regimes, and digital infrastructures, the article 

advances a comprehensive framework for understanding how artificial intelligence mediated credit 

systems are transforming financial markets. 

The article concludes that real time artificial intelligence based credit scoring represents not simply a 

technological upgrade but a paradigmatic shift in how trust, risk, and opportunity are constructed in digital 

economies. While these systems hold unprecedented potential to democratize credit, they also require 

robust regulatory, ethical, and institutional frameworks to prevent exclusionary and exploitative 

outcomes. By integrating interdisciplinary perspectives, this study offers a comprehensive foundation for 

scholars, policymakers, and financial practitioners seeking to navigate the future of data driven lending. 

KEYWORDS 

Artificial intelligence, real time credit scoring, alternative data, digital lending, financial inclusion, fintech 

platforms, algorithmic risk assessment

INTRODUCTION  

The assessment of creditworthiness has long been 

one of the most central and contested functions 

within financial systems. Historically, lending 

decisions were mediated by human judgment, 

personal relationships, and later by standardized 

statistical models that relied heavily on financial 

histories, income statements, and collateral. These 

traditional credit scoring systems emerged within 

the institutional architecture of industrialized 

banking sectors, where stable employment, formal 

documentation, and long term financial records 

were widely available. Yet in much of the world, 

particularly across Africa, Asia, and large segments 

of Latin America, such conditions never existed at 

scale. As a result, hundreds of millions of 

individuals and small enterprises remained 

structurally excluded from formal credit markets 

despite being economically active (World Bank 

Group, 2024; IMF, 2021). 

The digitalization of financial services in the twenty 

first century has radically altered this landscape. 

The proliferation of mobile phones, digital 

payment platforms, and online marketplaces has 

generated unprecedented volumes of behavioral 

and transactional data that can be used to infer 

economic reliability in ways that transcend 

conventional financial records. This data 

revolution has converged with rapid advances in 

artificial intelligence and machine learning, 

enabling lending platforms to construct dynamic 

models of borrower behavior that operate in real 

time rather than relying on static snapshots of the 

past. The integration of artificial intelligence with 

high velocity data processing has given rise to what 

is now known as real time credit scoring, a 

paradigm in which risk is continuously evaluated 

as new information flows into digital systems 
(Modadugu et al., 2025). 

Real time artificial intelligence driven credit 

scoring represents a fundamental departure from 

the logic of legacy credit bureaus and rule based 

scoring frameworks. Traditional models, such as 

those developed by FICO and similar institutions, 

are built on linear statistical assumptions that 

assign weights to a limited number of financial 
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variables, producing a score that remains fixed 

until the next reporting cycle (FICO, 2015; FICO, 

2023). By contrast, real time systems ingest vast 

and heterogeneous data streams, including mobile 

money transactions, e commerce behavior, utility 

payments, and even patterns of communication, 

and continuously update risk predictions through 

machine learning algorithms (Pooja and Desai, 

2025; Raji et al., 2024). This shift from periodic to 

continuous risk assessment has profound 

implications for how credit is priced, allocated, and 

governed. 

The rise of these systems has been particularly 

pronounced in regions where mobile money and 

digital financial services have leapfrogged 

traditional banking infrastructure. Sub Saharan 

Africa and parts of Asia have become global 

laboratories for artificial intelligence based 

lending, as mobile network operators, fintech 

firms, and microfinance institutions deploy 

alternative data driven models to reach 

underserved populations (Fintechnews Africa, 

2025; AFI, 2025). In Uganda, for example, the 

launch of a national mobile credit scoring system 

illustrates how public and private actors are 

collaborating to institutionalize data driven 

lending at scale (Nemko Digital, 2023; Fintechnews 

Africa, 2025). These developments are not merely 

technical innovations; they are reshaping the 

political economy of finance by redefining who is 

considered creditworthy and under what 

conditions. 

Despite the rapid diffusion of real time artificial 

intelligence driven credit scoring, scholarly and 

policy debates remain fragmented. Much of the 

existing literature either celebrates these 

technologies as tools of financial inclusion or 

critiques them as instruments of digital 

surveillance and algorithmic bias. Development 

economists emphasize the potential of alternative 

data to close the micro and small enterprise finance 

gap that constrains economic growth in low and 

middle income countries (Ayyagari et al., 2011; 

SME Finance Forum, 2025; CGAP, 2024). At the 

same time, legal scholars and regulators warn that 

opaque algorithms and unregulated data practices 

can entrench new forms of discrimination and 

exclusion (World Bank Group, 2024; GAO, 2021). 

Bridging these perspectives requires a 

comprehensive theoretical framework that 

situates real time credit scoring within broader 
socio technical systems. 

A critical contribution to this emerging field is the 

work of Modadugu, Venkata, and Venkata, who 

provide one of the most systematic analyses of how 

artificial intelligence and real time data processing 

are being integrated into loan platforms to enhance 

credit scoring and risk analysis (Modadugu et al., 

2025). Their study demonstrates that machine 

learning models trained on high frequency data 

streams significantly improve predictive accuracy 

and reduce default rates compared to traditional 

scoring systems. More importantly, they show that 

the temporal dimension of data, the ability to 

process information as it is generated, is central to 

these gains. Risk is no longer a static attribute but 

a dynamic trajectory that evolves with borrower 

behavior, market conditions, and platform 

interactions. 

This insight has profound theoretical implications. 

If creditworthiness is continuously reconstructed 

through algorithmic observation, then access to 

credit becomes contingent on ongoing digital 

participation. Borrowers are no longer evaluated 
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solely on who they have been but on what they are 

doing in real time. This transforms credit from a 

retrospective judgment into a form of algorithmic 

governance that shapes behavior, incentives, and 

economic opportunity. The literature on platform 

capitalism suggests that such systems can both 

empower and discipline users, creating new 

dependencies on digital infrastructures (World 

Bank Group, 2024; Raji et al., 2024). 

The literature gap addressed by this article lies in 

the absence of an integrated, theory driven analysis 

of real time artificial intelligence based credit 

scoring that connects technological design, 

regulatory frameworks, and socio economic 

outcomes. Existing studies often focus narrowly on 

model performance, data sources, or legal 

compliance without situating these elements 

within a holistic understanding of how credit 

markets are being transformed. By synthesizing 

research from fintech, development economics, 

regulatory studies, and artificial intelligence, this 

article seeks to provide a comprehensive account 

of how real time credit scoring is reshaping 

financial inclusion, risk management, and 

economic development. 

The central research question guiding this study is 

how real time artificial intelligence driven credit 

scoring systems alter the distribution of credit, the 

governance of risk, and the experience of 

borrowers across diverse global contexts. To 

answer this question, the article examines not only 

the technical architecture of these systems but also 

their institutional embedding in mobile money 

platforms, regulatory regimes, and development 

strategies. Through extensive theoretical 

elaboration and critical discussion grounded in the 

provided references, the study advances an 

interpretive framework for understanding the 
future of digital lending. 

METHODOLOGY 

This study adopts a qualitative, theory driven meta 

analytical methodology designed to synthesize and 

interpret the extensive body of literature on 

artificial intelligence based credit scoring, 

alternative data, and digital lending platforms. 

Rather than generating new empirical datasets, the 

research draws on peer reviewed articles, policy 

reports, regulatory analyses, and industry 

documents provided in the reference list to 

construct a comprehensive analytical narrative. 

This approach is particularly appropriate given the 

rapid evolution of fintech ecosystems and the 

difficulty of capturing their complexity through 

isolated quantitative studies (World Bank Group, 

2024; AFI, 2025). 

The methodological foundation of this research is 

grounded in interpretive synthesis, a form of 

qualitative meta analysis that seeks to integrate 

diverse sources into a coherent theoretical 

framework. Unlike systematic reviews that 

prioritize statistical aggregation, interpretive 

synthesis emphasizes conceptual integration, 

allowing the researcher to explore how different 

strands of literature converge or diverge in their 

understanding of a phenomenon. This is essential 

for analyzing real time artificial intelligence driven 

credit scoring, which spans technological, 

economic, and regulatory domains (Raji et al., 
2024; Pooja and Desai, 2025). 

The primary unit of analysis in this study is the real 

time credit scoring system as an integrated socio 

technical assemblage. This includes machine 

learning models, data infrastructures, platform 
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governance mechanisms, and regulatory 

frameworks. By treating these elements as 

interdependent rather than isolated, the 

methodology aligns with contemporary theories of 

digital platforms and algorithmic governance, 

which emphasize that technological systems 

cannot be understood apart from the institutional 

contexts in which they operate (World Bank Group, 

2024; Nemko Digital, 2023). 

The analytical process proceeded through several 

stages. First, all provided references were 

systematically reviewed to identify key themes, 

conceptual frameworks, and empirical findings 

related to artificial intelligence in credit scoring 

and risk assessment. Particular attention was given 

to the work of Modadugu et al. (2025), which 

served as a conceptual anchor for understanding 

how real time data processing enhances the 

predictive capacity of lending platforms. This study 

was used to contextualize and interpret findings 

from other sources, ensuring that the analysis 

remained grounded in a concrete model of 

technological integration. 

Second, the literature was coded thematically 

around core dimensions of real time credit scoring, 

including data sources, algorithmic models, 

regulatory governance, financial inclusion, and 

socio economic impact. This thematic coding 

allowed for the identification of recurring patterns 

and tensions, such as the trade off between 

predictive accuracy and privacy, or between 

inclusion and algorithmic bias (GAO, 2021; 

TransUnion, 2022). By organizing the literature in 

this way, the study was able to trace how different 

authors and institutions conceptualize the same 
phenomena from distinct perspectives. 

Third, the study employed a comparative analytical 

strategy to examine how real time credit scoring 

operates across different regional and institutional 

contexts. Reports from Africa focused on mobile 

money and micro lending were compared with 

global policy documents and development 

economics studies to assess the generalizability of 

findings (Fintechnews Africa, 2025; Ayyagari et al., 

2011). This comparative approach is crucial 

because the implications of artificial intelligence 

driven credit scoring vary significantly depending 

on regulatory environments, data infrastructures, 
and levels of financial inclusion. 

A key methodological principle guiding this 

research is reflexivity. Given the normative 

implications of algorithmic credit systems, the 

analysis does not assume that technological 

efficiency is inherently beneficial. Instead, it 

critically evaluates claims about inclusion, fairness, 

and growth by situating them within broader 

power structures and institutional dynamics 

(World Bank Group, 2024; AFI, 2025). This 

reflexive stance is informed by the recognition that 

data driven systems can reproduce or amplify 

existing inequalities even as they expand access to 
financial services. 

The limitations of this methodology must be 

acknowledged. Because the study relies on 

secondary sources, it is constrained by the quality, 

scope, and biases of the existing literature. Industry 

reports may overstate the benefits of artificial 

intelligence, while regulatory documents may 

emphasize risks in ways that reflect political 

priorities (GAO, 2021; Nemko Digital, 2023). 

Moreover, the absence of original quantitative data 

means that the analysis cannot provide precise 

measurements of impact, such as exact changes in 
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default rates or approval ratios. However, this 

limitation is mitigated by the breadth of the 

sources used, which collectively provide a robust 
basis for theoretical and interpretive analysis. 

Another limitation concerns the rapidly evolving 

nature of fintech technologies. Models, regulations, 

and market structures change quickly, meaning 

that any snapshot of the literature risks becoming 

outdated. By focusing on underlying theoretical 

mechanisms rather than specific technical 

implementations, the study seeks to produce 

insights that remain relevant even as particular 

platforms or algorithms evolve (Modadugu et al., 
2025; Raji et al., 2024). 

Despite these limitations, the chosen methodology 

is well suited to the research objectives. By 

integrating diverse sources into a unified analytical 

narrative, the study provides a deep and nuanced 

understanding of real time artificial intelligence 

driven credit scoring that transcends disciplinary 

silos. This methodological approach enables the 

exploration of not only how these systems work 

but also why they matter and how they are 
reshaping the global financial landscape. 

RESULTS 

The synthesis of the provided literature reveals a 

consistent pattern: real time artificial intelligence 

driven credit scoring systems fundamentally 

outperform traditional credit assessment models 

in both predictive accuracy and operational 

flexibility, particularly within digital and mobile 

lending environments. This superiority is not 

merely incremental but structural, arising from the 

capacity of machine learning algorithms to process 

high velocity, high volume, and high variety data in 

ways that static statistical models cannot 
(Modadugu et al., 2025; Raji et al., 2024). 

One of the most significant findings across the 

literature is that alternative data sources 

dramatically expand the population of borrowers 

who can be evaluated by formal credit systems. 

Mobile money transactions, digital payment 

histories, airtime usage, and even patterns of 

device interaction provide proxies for income 

stability, consumption behavior, and social 

reliability that are especially valuable for 

individuals without traditional credit files (World 

Bank Group, 2024; TransUnion, 2022). In contexts 

where large segments of the population are self 

employed or operate in the informal economy, 

these data streams serve as functional substitutes 

for payslips, bank statements, and collateral. 

The integration of these data sources into real time 

artificial intelligence models enables lending 

platforms to generate dynamic risk profiles that 

evolve with borrower behavior. Modadugu et al. 

(2025) demonstrate that loan platforms using real 

time data pipelines can detect early warning 

signals of default, such as changes in transaction 

frequency or spending patterns, allowing for 

proactive risk management. This contrasts sharply 

with traditional systems, which often identify 

problems only after a payment has been missed or 

a reporting cycle has passed. As a result, real time 

systems not only improve initial credit decisions 

but also enhance ongoing portfolio management. 

Another key result is the observed increase in loan 

approval rates among previously underserved 

populations. Studies from fintech lending markets 

indicate that alternative data driven models 

approve a higher proportion of thin file and no file 

applicants without a corresponding increase in 
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default rates, suggesting that traditional models 

systematically underestimate the creditworthiness 

of these groups (FICO, 2015; FICO, 2023; Pooja and 

Desai, 2025). This finding is particularly important 

for micro and small enterprises, which face 

significant financing gaps that constrain their 

ability to invest, grow, and create jobs (Ayyagari et 
al., 2011; SME Finance Forum, 2025; CGAP, 2024). 

The literature also indicates that real time artificial 

intelligence based credit scoring improves the 

efficiency and scalability of digital lending 

platforms. Automated data ingestion and 

algorithmic decision making reduce the marginal 

cost of evaluating each additional borrower, 

enabling platforms to serve millions of users with 

minimal human intervention (Raji et al., 2024; 

Faheem, 2021). This scalability is a critical factor in 

regions with large unbanked populations, where 

traditional branch based banking models are 
economically unviable. 

However, the results are not uniformly positive. 

Several sources highlight the emergence of new 

risks associated with algorithmic credit scoring. 

One major concern is data bias, as alternative data 

may reflect existing social and economic 

inequalities that are then encoded into predictive 

models (World Bank Group, 2024; GAO, 2021). For 

example, individuals with limited access to mobile 

technology or digital services may generate sparse 

or distorted data profiles, leading to lower scores 

despite being financially responsible. Similarly, 

gender disparities in mobile phone ownership and 

usage can translate into gendered credit outcomes, 

reinforcing existing gaps in financial inclusion 

(GSMA, 2021; Sharma et al., 2016). 

Another significant finding relates to regulatory 

capacity. The rapid deployment of artificial 

intelligence driven credit systems has often 

outpaced the development of legal and supervisory 

frameworks capable of ensuring transparency, 

accountability, and consumer protection (Nemko 

Digital, 2023; AFI, 2025). In many emerging 

markets, regulators lack the technical expertise 

and data access needed to audit complex machine 

learning models, creating a governance gap that 

can be exploited by predatory or poorly designed 

lending platforms. 

Despite these challenges, the overall pattern across 

the literature is that real time artificial intelligence 

driven credit scoring is reshaping credit markets in 

ways that are both profound and ambivalent. On 

the one hand, it is enabling unprecedented levels of 

financial inclusion and operational efficiency. On 

the other hand, it is introducing new forms of 

algorithmic power and risk that require careful 

institutional management. These results set the 

stage for a deeper theoretical discussion of the 

implications of this transformation. 

DISCUSSION 

The emergence of real time artificial intelligence 

driven credit scoring represents a paradigmatic 

shift in the epistemology and governance of 

financial risk. At its core, this transformation is 

about how knowledge of borrowers is produced, 

validated, and operationalized within digital 

lending ecosystems. Traditional credit scoring 

systems were based on relatively stable categories 

such as income, employment, and repayment 

history, which were assumed to be reliable 

indicators of future behavior. These systems 

reflected a broader modernist faith in statistical 

regularities and institutionalized records (FICO, 

2015; de Janvry et al., 2010). In contrast, real time 
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artificial intelligence based systems operate on a 

fundamentally different logic: they treat risk as an 

emergent property of continuous data flows rather 
than a fixed attribute of individuals. 

This shift has deep theoretical implications for 

understanding financial inclusion. Development 

economics has long argued that access to credit is a 

critical driver of entrepreneurship, poverty 

reduction, and economic growth (Ayyagari et al., 

2011; IMF, 2021). However, traditional financial 

institutions have struggled to serve low income 

and informal sector borrowers because of 

information asymmetries and high transaction 

costs. Alternative data and machine learning 

promise to overcome these barriers by revealing 

hidden patterns of reliability in everyday digital 

behavior (World Bank Group, 2024; Pooja and 

Desai, 2025). From this perspective, real time 

credit scoring can be seen as a powerful tool for 
democratizing finance. 

Yet this optimistic narrative must be tempered by 

a critical understanding of how data and 

algorithms mediate social relations. The use of 

alternative data transforms ordinary activities 

such as making phone calls, paying bills, or 

browsing the internet into signals of 

creditworthiness. This process effectively extends 

financial surveillance into the intimate spaces of 

daily life, raising profound questions about privacy, 

consent, and autonomy (GAO, 2021; Nemko Digital, 

2023). Borrowers may gain access to credit, but at 

the cost of being continuously monitored and 

evaluated by opaque algorithmic systems. 

The work of Modadugu et al. (2025) is particularly 

instructive in this regard. By demonstrating how 

real time data processing enhances predictive 

accuracy, their study underscores the technical 

power of artificial intelligence in credit scoring. 

However, the very features that make these 

systems effective, their capacity to integrate 

diverse data streams and update predictions 

continuously, also make them difficult to regulate 

and contest. If a borrower is denied credit based on 

a dynamic algorithmic assessment, it becomes 

challenging to identify the specific reasons or to 

appeal the decision in a meaningful way. 

Scholars of algorithmic governance argue that this 

opacity can undermine procedural justice and trust 

in financial institutions (World Bank Group, 2024; 

AFI, 2025). Transparency is a cornerstone of fair 

lending practices, yet machine learning models, 

particularly those based on deep learning, often 

operate as black boxes that even their developers 

cannot fully explain (OpenAI, 2023). While some 

advocates suggest that explainable artificial 

intelligence techniques can mitigate this problem, 

the literature indicates that meaningful 

transparency remains elusive in many commercial 
lending applications (Raji et al., 2024). 

Another critical dimension of the discussion 

concerns bias and discrimination. Traditional 

credit scoring systems have long been criticized for 

perpetuating racial, gender, and socioeconomic 

inequalities by relying on variables that correlate 

with structural disadvantage (GAO, 2021; Stringer, 

2014). Proponents of alternative data argue that it 

can reduce such biases by focusing on behavioral 

indicators rather than demographic proxies (FICO, 

2015; TransUnion, 2022). However, empirical 

evidence suggests that alternative data can 

introduce new forms of bias if underlying digital 

divides are not addressed. For example, women in 

many regions are less likely to own smartphones or 

use mobile financial services, resulting in less 
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robust data profiles and potentially lower credit 
scores (GSMA, 2021; Sharma et al., 2016). 

The regulatory landscape plays a decisive role in 

shaping these outcomes. In jurisdictions with 

strong consumer protection laws and active 

supervision, artificial intelligence driven credit 

scoring can be integrated into a framework that 

promotes fairness and accountability. In contrast, 

in markets with weak regulatory capacity, such 

systems may be deployed in ways that prioritize 

profit over inclusion, leading to exploitative 

lending practices and over indebtedness (Nemko 

Digital, 2023; AFI, 2025). The case of Uganda’s 

mobile credit scoring system illustrates both the 

promise and the peril of state supported data 

driven lending. While it expands access to credit, it 

also raises concerns about data governance and the 

concentration of informational power in the hands 

of a few platforms (Fintechnews Africa, 2025; 
Nemko Digital, 2023). 

From a macroeconomic perspective, the 

widespread adoption of real time artificial 

intelligence driven credit scoring could have far 

reaching effects on financial stability and growth. 

By improving risk assessment, these systems can 

reduce default rates and enhance the resilience of 

lending portfolios, supporting sustainable credit 

expansion (Modadugu et al., 2025; Faheem, 2021). 

At the same time, the automation and speed of 

digital lending may amplify procyclical dynamics, 

as algorithms adjust credit availability in response 

to real time data that may reflect short term shocks 

rather than long term fundamentals (IMF, 2021). 

The discussion also intersects with broader 

debates about platform capitalism and the role of 

technology firms in financial markets. Many of the 

most sophisticated real time credit scoring systems 

are operated by fintech platforms and mobile 

network operators rather than traditional banks 

(Raji et al., 2024; Fintechnews Africa, 2025). These 

firms control vast amounts of data and increasingly 

act as gatekeepers to financial services. This 

concentration of power raises antitrust and 

competition concerns, as well as questions about 

the appropriate balance between innovation and 

public oversight (World Bank Group, 2024; AFI, 

2025). 

Future research must grapple with these 

complexities. While existing studies provide 

valuable insights into the technical and economic 

performance of artificial intelligence based credit 

scoring, there is a need for more interdisciplinary 

work that integrates legal, ethical, and sociological 

perspectives. Longitudinal studies are also needed 

to assess the long term impacts of these systems on 

borrower behavior, financial health, and social 

mobility (CGAP, 2024; Agarwal et al., 2018). 

Moreover, greater attention should be paid to the 

voices and experiences of borrowers themselves, 

who are often treated as data points rather than 
active participants in the credit ecosystem. 

In sum, real time artificial intelligence driven credit 

scoring is neither a panacea nor a dystopia. It is a 

powerful socio technical system whose effects 

depend on how it is designed, governed, and 

embedded within broader institutional 

frameworks. Recognizing this complexity is 

essential for harnessing its potential while 
mitigating its risks. 

CONCLUSION 

Real time artificial intelligence driven credit 

scoring has emerged as one of the most 

transformative developments in contemporary 
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finance. By integrating alternative data and 

continuous data processing into lending platforms, 

these systems redefine how risk is measured and 

how credit is allocated. The literature synthesized 

in this study demonstrates that such systems can 

significantly enhance predictive accuracy, expand 

access to credit for underserved populations, and 

improve the efficiency of digital lending operations 

(Modadugu et al., 2025; World Bank Group, 2024). 

At the same time, the analysis reveals that these 

benefits are accompanied by new forms of 

algorithmic power, bias, and governance 

challenges. The shift from static to dynamic credit 

assessment transforms borrowers into subjects of 

continuous digital evaluation, raising profound 

questions about privacy, fairness, and 

accountability. Whether real time artificial 

intelligence based credit scoring ultimately 

promotes inclusive and sustainable financial 

development depends on the regulatory, ethical, 

and institutional frameworks that shape its 
deployment (AFI, 2025; Nemko Digital, 2023). 

By providing an integrated theoretical and 

analytical account of this phenomenon, this article 

contributes to a deeper understanding of how 

digital technologies are reshaping the global 

financial landscape. As artificial intelligence 

continues to evolve, the challenge for 

policymakers, practitioners, and scholars will be to 

ensure that the future of credit is not only more 

efficient but also more just. 
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